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After my first quarter as an instructor, an anonymous student wrote about my class that “not
only did she make it so enjoyable, but created a space where it was welcoming but also provided
the challenge that I needed to push myself in this subject. I love Harlin’s teaching style and
methods overall and feel like her connection to her students is unmatched. [...] I have talked to
many students that said that this was the one class that they did not dread going to.” I have been
extremely lucky to have such students who recognize my passion for teaching, because over and
over again, I choose to stay in academia for the joy of teaching and mentoring.

Teaching philosophy

1) Internalize the intuition, not the facts. Jobs these days rarely require regurgitating equations
without the help of Google. It is more important to fully internalize the problem solving process:
the systemic way of designing an approach that identifies constraints, trade-offs, and (more man-
ageable) subproblems. My training— which spans computer science, electrical engineering, and
math— taught me how to abstract away bare-bones mathematical statements from messy real-
world problems. This way of thinking needs guidance and practice, and I try to provide them
through projects, assignments, and group activities in my class.

2) Acknowledge the world outside the classroom. First of all, life affects learning, and I believe
that caring about mental health and disability issues makes us better teachers. Secondly, a main
goal of teaching is to share enthusiasm and to inspire students to pursue STEM. Teaching as if the
class exists in a bubble can deter long-term interest in the field 1. Instructors should work harder to
motivate theoretical content with relevant examples and projects from many facets of the society.
Data science does not exist in a vacuum, but in the complicated and diverse society we live in.

Experiences

I am an instructor of record for Python programming with data science applications at UCLA,
and have TA’ed large, introductory EECS and math, survey courses at MIT and CMU. All of
these classes require catering to students with different majors, interests, or levels of preparation.
I learned that it is crucial to prepare multiple ways of explaining (e.g. concretely in mathematical
notations, in technical words, in analogies without technical jargon) and examples in different fields
(e.g. circuits, epidemiology, robotics, social networks, Newtonian physics, image processing, digital
humanities, social justice) to reach students with different backgrounds.

I have been teaching the two-quarter sequence PIC 16A/B Python Programming with Appli-
cations I/II, where most are UCLA undergraduates in math, economics, psychology, or cognitive
science. PIC 16A is a fast-paced course that teaches from defining variables in Python to imple-
menting machine learning models with scikit-learn, while PIC 16B covers advanced topics such as
interactive data visualization, deep learning, and web scraping. I made major changes to these
courses by emphasizing independent group projects, which is key to inspiring students with
varying skill levels, or more importantly, confidence in their skills. Students appreciated the freedom
in choosing how to demonstrate their learning, and because the project grades were completion-
based, they were not afraid to show off their creativity. They made everything from word games
to stock market prediction models to resume-building websites. I was rated 8.78 (PIC 16A) and
8.83 (PIC 16B) out of 9.0 “as an effective teacher” by 36 out of 59 (PIC 16A) and 12 out of
28 students (PIC 16B), respectively 2. Building on this experience, I am conducting an education

1M. Tissenbaum, J. Sheldon, and H. Abelson, “From computational thinking to computational action,” Communications of
the ACM, vol. 62, no. 3, pp. 34–36, 2019.

2Course evaluations from 2021-2022: 16A instruction, 16A course, 16B instruction, 16B course.
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research project with collaborators from MIT and App Inventor on how to best support students
in creating an independent machine learning project.

At CMU, I was a graduate TA for 18202 Mathematical Foundations of Electrical Engineering
during 2019 and 2020 spring terms, which had around 80 ECE first and second years. As a recitation
leader of about 20 students, I prepared notes, reviewed concepts and led problem solving sessions
in set theory, complex numbers, ODE, and linear algebra twice a week. Both times I was given a
grade of “A” from the instructors for my teaching requirements, and in 2020, I was awarded the
ECE Outstanding Teaching Assistant Award. Teaching 18202 during the pandemic presented
unique challenges, as the class moved online after spring break, and the teaching staff had to fluidly
adapt to constantly changing guidelines from the university. I learned how to virtually teach and
administer tests, keep the teaching staff on task, and clearly communicate to students about the
evolving logistics.

At MIT, I was a graduate TA for 6.00 Introduction to Computer Science and Engineering
in fall 2016, which is comprised of two half-semester courses: 6.0001 Introduction to Computer
Science Programming in Python and 6.0002 Introduction to Computational Thinking and Data
Science. It was a popular class with over 500 students enrolled, not just of first years in EECS,
but also upperclassmen and graduate students from different programs. 6.0001 introduced basics of
Python programming, recursion, and sorting algorithms. 6.0002 surveyed statistical topics useful
for understanding experimental data, such as Monte Carlo simulation, regression, classification,
and clustering. I prepared homeworks and led a weekly lecture review recitation, for which I
received 6.3 out of 7.0 overall rating from 7 students and positive comments such as “very
good at explaining complex concepts”, “made a great effort to [...] help students figure out how to
overcome problem”, and “truly helpful and enthusiastic”.

Future teaching

Based on my background in computer science, electrical engineering, signal processing, machine
learning and math, I am most prepared and excited to teach the following:

• Machine learning with a focus on theory or application as needed. In both cases, a variety of
traditional and emerging methods in the field will be introduced, from linear regression to neural
networks. The theory version will contain more statistical learning theory and high dimensional
statistics, while the applied version will have more Python programming assignments. I can
teach special topics classes on natural language processing or computer vision as well.

• Two versions of Python programming: one traditional, and one specialized for data sci-
ence. Both will cover principles of programming, data structures, object oriented programming,
recursion, and interacting with files. But while the traditional version will move on to classical
algorithms such as shortest path search, the data science version will focus on running simulations,
understanding open source resources, and data visualization. Parts of this material can be taught
for Matlab as well.

• Linear algebra, probability and statistics (introductory level or with a focus on high-
dimensional statistics), signals and systems, stochastic processes, software engineering,
network science, discrete math, and optimization (with a focus on convex optimization
and regularization).

• Seminars in current literature in data science. I can present papers and lead discussions
on the efforts to deepen mathematical understanding of topics such as deep learning, distributed
optimization, dimensionality reduction, inverse problems, graph-based methods & meta learning.
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